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Optimal Scheduling of Seawater Desalination Based on
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Abstract : In order to deal with the uncertainties in the optimal operation problem of seawater desalination
system, stochastic simulation technology is used to establish the system dynamic scheduling model based on
chance constrained programming, and the economic objective function and constraint conditions are given.
The particle swarm optimization algorithm is used to solve the optimization problem. By comparing with
redundancy algorithm, it shows that chance constrained programming algorithm has obvious advantages in
precision, but its solving speed is slower than redundancy algorithm.
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